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Abstract– This study aimed to analyze the relationship between 

collaborative climate and proactive performance through a 

structural equation model (SEM). A quantitative, cross-sectional, 

correlational design was used with 63 employees of a single 

Honduran banking institution (eligible population: 105 employees), 

selected through non-probability convenience sampling. Data were 

collected using a self-developed 23-item Likert-type questionnaire 

(α = .926), reviewed before administration by three experts, and 

analyzed through exploratory factor analysis (Minimum Residual 

extraction, Oblimin rotation) followed by a structural equation 

model estimated by robust maximum likelihood on the same 63 

cases. Results showed a two-factor structure with adequate factor 

loadings, acceptable fit indices (CFI = .956, TLI = .944, RMSEA = 

.067, SRMR = .078), and reliability, convergent validity (AVE > 

.50), and discriminant validity (HTMT = .418) indicators within 

recommended ranges in this sample. The estimated structural 

coefficient between collaborative climate and proactive 

performance was positive (β = .379) but did not reach statistical 

significance at α = .05 (p = .066); therefore, the results do not 

demonstrate a relationship between the two constructs. These 

findings provide preliminary psychometric evidence for the joint 

measurement of both constructs in this sample, and their possible 

implications for intrapreneurial behavior remain possibilities that 

require replication in larger, independent, and multi-institutional 

samples. 

Keywords-- collaborative climate, proactive performance, 
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I. INTRODUCTION 

The study of organizational climate is grounded in a body 

of theory developed mainly since the mid-twentieth century. 

Likert [1] proposed that an organization's management 

systems determine the type of climate perceived by its 

members, distinguishing styles ranging from exploitative-

authoritative to participative. Shortly thereafter, Litwin and 

Stringer [2] formalized the concept of organizational climate 

as the set of measurable properties of the work environment, 

perceived directly or indirectly by those who experience it, 

and capable of influencing their motivation and behavior. 

These early proposals constitute the foundation on which 

contemporary models of organizational climate have been 

developed, including scientific management theory, classical 

management theory, and human relations theory, currents that, 

according to a recent integrative review, remain relevant for 

explaining the design and functioning of present-day 

organizations [3]. However, none of these theories alone 

integrates all the factors that shape organizational dynamics, 

since each addresses different phenomena depending on the 

era and context in which it emerged [3]. 

In the literature published between 2020 and 2025, 

organizational climate has become established as a 

multidimensional construct in which leadership, 

organizational structure, and working relationships constitute 

its central axes, while emerging dimensions such as 

innovation, justice, and commitment broaden the traditional 

focus toward well-being, equity, and creativity [4]. Similarly, 

reviews on organizational culture identify innovation, 

teamwork, and results orientation as the most frequently 

studied dimensions [5], while research focused on specific 

sectors, such as construction, highlights occupational health 

and safety and working conditions as determining components 

of climate [6]. 

Proactive work performance, in turn, has been defined as 

a self-starting, future-oriented behavior that seeks to change 

work situations, job responsibilities, or oneself [7]. This 

behavior includes three core components: initiating better 

methods of work, generating ideas to improve task 

completion, and implementing changes in work completion 

efforts [8]. The most widely used scales to measure this 

construct are the one developed by Parker and Collins [9], 

which identifies four dimensions (taking charge, voice, 

individual innovation, and problem prevention), and the 

individual task proactivity scale, recognized as the most 

frequently used instrument in recent research [7]. These 

contemporary conceptualizations build on earlier theoretical 

developments, including Bateman and Crant's [10] proposal, 

which defined proactive disposition as the relatively stable 

tendency to change one's environment rather than passively 

adapting to it, and Frese and Fay's [11] concept of personal 

initiative, which describes a self-starting, goal-oriented 

behavioral pattern that persists in the face of obstacles and is 

considered a core component of contextual performance. 

The accumulated empirical evidence supports a positive 

relationship between organizational climate and job 

performance, although its magnitude varies across contexts. A 

comparative review between Latin America and Asia found 

that organizational climate positively influences job 

performance, with associations ranging from weak to strong 

depending on the analytical model used [12]. Similar results 

have been reported in Ghana, where the relationship varied 

between weak and moderate [12]; in Norway, where a 

moderate relationship was identified between organizational 

climate and creative performance [12]; and in Cyprus, where a 

strong relationship was found between organizational climate 
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and perceived organizational performance [12]. Along the 

same lines, a systematic review on internal communication, 

organizational climate, and job performance concluded that 

the work environment can enhance or limit productivity [13], 

that timely communication facilitates the achievement of 

institutional goals [13], and that identifying the factors that 

shape an adequate climate is essential for improving staff 

performance [13]. 

Several studies have examined the mechanisms that 

explain this relationship. From the perspective of social 

exchange theory and self-determination theory, it has been 

shown that high-performance work systems exert both direct 

and indirect effects on employee voice behavior through the 

psychological mechanism of psychological safety, a 

relationship that is in turn moderated by supportive leadership 

[14]. In a complementary sense, work-related reflection and 

psychological empowerment have been found to be 

substantially related to innovative behavior and job crafting, 

two forms of proactivity, whereas participative safety played 

only a minor role [15]. 

Of particular relevance to the present study, Obeng et al. 

[16] found, in a sample of 371 employees of power-generation 

companies in Ghana, that organizational commitment partially 

mediated the relationship between organizational climate and 

employee performance, which suggests that the link between 

climate and performance may operate through attitudinal 

mechanisms. It has likewise been documented that a learning-

oriented organizational climate favors proactive behavior at 

work, while individual, work-related, leadership, and 

organizational factors together constitute the main antecedents 

of workplace proactivity [8]. Similarly, distributed and 

transformational leadership have been shown to foster a 

climate of trust, respect, and cooperation that motivates 

employees to display proactive behaviors [17]. 

The relationship between climate and performance is not 

uniform, but may be conditioned by moderating variables. For 

example, the effect of psychological safety climate on 

employee in-role performance has been found to depend on 

the level of collective accountability, such that under low 

collective accountability a stronger psychological safety 

climate is associated with lower performance, whereas under 

high collective accountability the relationship reverses [18]. In 

the financial sector, most employees have been found to 

perceive their organizational structure and interpersonal 

relationships favorably, underscoring the importance of 

adequately managing the determining factors of organizational 

climate [19]. 

In the banking sector specifically, perceived 

organizational support has been shown to significantly 

influence both employee commitment and performance, 

directly and indirectly, through a mediating attitudinal 

mechanism [20], and organizational climate has been found to 

be strongly correlated with job performance, particularly 

through dimensions such as communication and working 

conditions [21]. However, the strength of this relationship 

varies across productive sectors: a recent meta-analysis found 

an average transformed correlation coefficient of 0.63 between 

organizational climate and job satisfaction across different 

sectors, with a 95% confidence interval of 0.38 to 0.88 [22], 

while other studies have identified that the stressors affecting 

performance differ by sector, with emotional demands 

predominating in health and education and job insecurity and 

physical demands more characteristic of the technology and 

manufacturing sectors, respectively [23]. 

Not all findings report significant relationships. It has 

been documented, for instance, that organizational climate 

does not always significantly affect job satisfaction, 

suggesting that the latter may depend more on employees' 

intrinsic motivation than on the work environment [24]. 

Similarly, perceived organizational support has been reported 

not to moderate the relationship between organizational 

climate and organizational commitment, suggesting that, 

where the organizational climate is effective, organizational 

support does little to strengthen or weaken employee 

performance [16]. These contradictory findings highlight the 

need to continue exploring the mechanisms and conditions 

under which organizational climate does, or does not, 

influence different performance indicators. 

The measurement of these constructs has been 

approached through various validated instruments. In the case 

of organizational climate, the IPAO and BSC stand out, 

validated in Latin America, along with the OCM, applied 

internationally; the IPAO in particular reports a reliability 

coefficient of 0.97, evaluated under item response theory [25]. 

In the field of behavioral health, the Organizational Social 

Context scale has been the most widely used measure of 

organizational culture and climate [26], while the 

Implementation Climate Scale has obtained the highest 

psychometric rating among the instruments reviewed [26]. 

To analyze these constructs simultaneously, structural 

equation modeling has become established as the reference 

statistical technique in this field, allowing joint evaluation of 

measurement validity and the relationships among latent 

variables [27]. Recent studies using partial least squares SEM 

have shown that organizational climate positively affects 

employee performance [27] and that work engagement acts as 

the most relevant mediating variable between intrinsic 

motivation, self-efficacy, organizational climate, and job 

performance [28]. The psychometric quality of these models is 

usually assessed through Cronbach's alpha, composite 

reliability, average variance extracted (AVE), and the 

heterotrait-monotrait ratio (HTMT), with AVE values of .50 

or higher and HTMT values below .85 or .90, depending on 

the conceptual similarity between the constructs assessed, 

considered adequate [29]. Consistently, it has been noted that 

composite reliability should exceed .6 and that all indicators of 

a latent variable should show factor loadings above .6 to 

ensure adequate convergent validity [30]. Regarding the 

required sample size, it has been established that this depends 

more on the effect size associated with each structural 

coefficient than on the overall complexity of the model [31], 

[32]. 

Despite the growing volume of research on organizational 

climate and job performance, important gaps remain in the 
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literature. The need has been noted for longitudinal designs 

that could clarify the temporal relationships between 

organizational factors and proactive behavior [33], as well as 

for the development of culturally sensitive instruments that 

more accurately capture proactive behaviors across different 

organizational contexts [34]. Proactive performance, 

understood as self-starting, improvement-oriented behavior, is 

also conceptually related to the individual-level foundations of 

intrapreneurship within established organizations [10], [11]; 

examining the organizational conditions that may be 

associated with it, such as collaborative climate, is therefore of 

potential interest beyond individual performance management. 

In this context, the present study aims to analyze, through a 

structural equation model, the relationship between 

collaborative climate and proactive performance in a 

Honduran banking institution, contributing exploratory 

empirical evidence from a context that has received little 

attention in this literature. 

II. METHODS 

A. Study Design 

A quantitative, cross-sectional, non-experimental study 

with a correlational scope was conducted, in which a structural 

equation model (SEM) was used to evaluate a measurement 

and structural model linking collaborative climate and 

proactive performance. This design allowed the measurement 

model and the structural relationship between both constructs 

to be evaluated simultaneously, based on the measurement of 

both variables at a single point in time, without experimental 

manipulation. Consistent with this cross-sectional, non-

probabilistic design, the results are interpreted in terms of 

structural association between constructs rather than causality. 

B. Study Context 

The study was conducted at a Honduran banking 

institution. Data collection took place between November and 

December 2025. 

C. Participants 

The eligible population consisted of 105 employees. 

Participants were selected through non-probability 

convenience sampling, yielding a final sample of 63 

employees, equivalent to 60.0% of the eligible population, all 

of whom completed the measurement instrument in full, with 

no missing data recorded in any of the cases analyzed. 

The sample was predominantly composed of employees 

in age-group category 2 (61.9%), followed by category 3 

(22.2%), category 1 (9.5%), and category 4 (6.3%). Regarding 

educational attainment, 61.9% fell into category 2, 25.4% into 

category 3, and 12.7% into category 1. Regarding length of 

service at the institution, 42.9% of participants fell into 

category 2, 30.2% into category 4, 17.5% into category 3, and 

9.5% into category 1. The age, educational attainment, and 

length-of-service categories correspond to the ordinal coding 

used in the data collection instrument; a summary of these 

sociodemographic characteristics is presented in Table I. 

D. Sample Size Considerations 

The sample size was not determined through an a priori 

statistical power analysis. It was determined by the accessible 

population: of the 105 eligible employees of the institution, 63 

participated through non-probability convenience sampling 

(60.0% of the eligible population). Because the model was 

estimated through robust maximum likelihood within a 

covariance-based SEM framework, heuristics developed for 

partial least squares SEM, such as the 10-times rule, are not 

used in this study as evidence of sample adequacy. 

Accordingly, n = 63 is treated as a constraint of the study. 

A sample of this size limits the precision of the parameter 

estimates and the capacity to detect the structural relationship 

between the two latent variables, particularly if the population 

effect is of small or moderate magnitude. This limitation is 

taken into account when interpreting the results and is 

discussed explicitly in Section IV. 

E. Variables 

Two latent variables were assessed. The first, proactive 

performance, was measured through six observed indicators 

(Item13, Item15, Item16, Item17, Item18, and Item21). The 

second, collaborative climate, was measured through five 

observed indicators (Item02, Item03, Item05, Item06, and 

Item14). Both constructs were operationalized as continuous 

latent variables within the structural equation model, estimated 

from the corresponding item scores. 

F. Measurement Instrument 

Data were obtained through a self-developed 

questionnaire, initially composed of 23 items (Item01 through 

Item23), in addition to three sociodemographic variables (age, 

educational attainment, and length of service). Responses were 

recorded using a five-point Likert-type scale. 

Item content was developed to operationalize the two 

theoretical dimensions established in the literature reviewed in 

the Introduction: proactive performance items were drafted to 

reflect the self-starting, future-oriented behaviors described by 

Griffin et al. [35] and by Bateman and Crant [10], including 

initiating improved work methods, generating ideas, and 

implementing changes in task completion, while collaborative 

climate items were drafted to reflect the measurable, 

motivation-relevant properties of the work environment 

described by Litwin and Stringer [2], including cooperation, 

mutual support, and interpersonal relationships among 

coworkers. This conceptual mapping between item content 

and the constructs' theoretical definitions provided the basis 

for the instrument's content coherence prior to data collection. 

Before its administration, the questionnaire was reviewed 

by three experts: two specialists in human resources and one 

specialist in research methodology. This expert review is the 

content-validity procedure documented for the instrument 

prior to data collection; no pilot test or quantitative content-

validity index is reported for this stage. 

The reliability of the complete instrument, assessed 

through Cronbach's alpha, was .926 in the present sample. 
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G. Data Collection Procedure 

The survey was self-administered through the Google 

Forms platform. Before responding to the questionnaire, all 

participants received information about the voluntary nature of 

their participation and the confidential handling of the 

information. 

No incomplete questionnaires or missing data were 

recorded; therefore, all 63 cases received were included in the 

statistical analysis. 

H. Bias Control 

To reduce potential sources of information bias and social 

desirability bias, participation was entirely voluntary, and the 

confidentiality of the data provided by employees was 

guaranteed. In addition, the electronic administration of the 

questionnaire standardized the data collection procedure and 

reduced researcher influence during the response process. 

I. Statistical Analysis 

Data were processed using Jamovi software, version 2.7, 

running on R version 4.5. 

First, the internal consistency of the complete instrument 

was assessed using Cronbach's alpha. Second, an exploratory 

factor analysis (EFA) was conducted using the Minimum 

Residual extraction method and Oblimin rotation, to identify 

the underlying factor structure and remove items with 

inadequate factor loadings. 

Subsequently, a structural equation model (SEM) was 

specified and estimated using maximum likelihood (ML) with 

robust (Huber-White) standard errors and the Yuan-Bentler 

scaled test statistic, using the SEMLj module [36], based on 

the lavaan package [37] in R. The model jointly evaluated the 

measurement model of both latent variables and the structural 

relationship between them. 

The EFA and the subsequent SEM were conducted on the 

same 63 cases; no independent subsample was available. 

Because item retention was decided on the same data used to 

estimate the final model, the loadings and fit indices may 

capitalize on chance characteristics of this sample and may 

therefore be optimistic. The SEM is consequently interpreted 

as an evaluation of the retained structure within this sample, 

not as an independent confirmation or external validation of 

that structure. 

Model fit was assessed using χ², degrees of freedom, p-

value, CFI, TLI, IFI, RMSEA (with its 95% confidence 

interval), and SRMR. Reliability and convergent validity of 

the constructs were assessed using Cronbach's alpha, 

McDonald's omega, and average variance extracted (AVE), 

calculated with the semTools package [38]. Discriminant 

validity was assessed using the heterotrait-monotrait ratio 

(HTMT). A statistical significance level of α = .05 was used. 

J. Ethical Considerations 

The study was approved by an institutional ethics 

committee prior to the start of the research. 

Employee participation was strictly voluntary and 

anonymous. Informed consent was obtained electronically: 

after being informed of the study's purpose, the voluntary 

nature of participation, and the confidential handling of the 

data, each employee's decision to access and complete the 

online questionnaire constituted their consent to participate. 

Confidentiality of the information provided was guaranteed at 

all times, and the data were used exclusively for academic 

purposes. 

III. RESULTS 

A. Sociodemographic Characteristics 

Table I summarizes the sociodemographic composition of 

the sample (N = 63). 

TABLE I 

SOCIODEMOGRAPHIC CHARACTERISTICS OF THE SAMPLE 

Variable Category n % 
Age group 1 6 9.5 
Age group 2 39 61.9 
Age group 3 14 22.2 
Age group 4 4 6.3 
Education 1 8 12.7 
Education 2 39 61.9 
Education 3 16 25.4 

Tenure 1 6 9.5 
Tenure 2 27 42.9 
Tenure 3 11 17.5 
Tenure 4 19 30.2 

Note. Categories correspond to the ordinal coding used in the data collection 

instrument. 

B. Internal Consistency of the Instrument 

The internal consistency of the instrument was assessed 

using Cronbach's alpha, yielding a value of .926 for the full 

scale (Table II). 

TABLE II 

CRONBACH'S ALPHA OF THE SCALE 

Scale Cronbach's Alpha 
Full instrument 0.926 

Note. N = 63. 

C. Exploratory Factor Analysis (EFA) 

An exploratory factor analysis was conducted using the 

Minimum Residual extraction method and Oblimin rotation. 

The retained solution grouped the items into two factors. 

Table III presents the final factor loadings and uniqueness 

values of the retained items, once items that did not reach an 

adequate factor-grouping criterion were removed. 

TABLE III 

EXPLORATORY FACTOR ANALYSIS LOADINGS 

Item Factor Loading Uniq. 
Item13 Proactive Perf. 0.597 0.568 
Item15 Proactive Perf. 0.552 0.560 
Item16 Proactive Perf. 0.830 0.393 
Item17 Proactive Perf. 0.820 0.385 
Item18 Proactive Perf. 0.808 0.322 
Item21 Proactive Perf. 0.590 0.580 
Item02 Collab. Climate 0.789 0.454 
Item03 Collab. Climate 0.729 0.428 
Item05 Collab. Climate 0.745 0.429 
Item06 Collab. Climate 0.572 0.641 
Item14 Collab. Climate 0.591 0.604 

Note. Extraction method: Minimum Residual; rotation: Oblimin. 
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D. Measurement Model (SEM) 

Fig. 1 presents the final structural equation model, 

comprising two latent variables (Collaborative Climate and 

Proactive Performance), their respective indicators, and the 

estimated structural relationship between both constructs. The 

model was estimated on the same 63 cases used in the EFA. 

 
Fig. 1. Final structural equation model. 

E. Model Fit 

Model fit indices are presented in Table IV. 

TABLE IV 

STRUCTURAL MODEL FIT INDICES 

χ² df p CFI TLI RMSEA SRMR 
55.0 43 .103 0.956 0.944 0.067 0.078 

Note. Classical (unscaled) fit indices. RMSEA 95% CI [.000, .114]; 

IFI = 0.958. 

F. Standardized Factor Loadings 

Table V presents the standardized factor loadings of the 

indicators on their respective latent variables. 

TABLE V 

STANDARDIZED FACTOR LOADINGS OF THE MEASUREMENT MODEL 

Latent Var. Ind. β z p 
Proactive Perf. Item13 0.693 — — 
Proactive Perf. Item15 0.630 4.50 <.001 
Proactive Perf. Item16 0.722 5.37 <.001 
Proactive Perf. Item17 0.801 4.60 <.001 
Proactive Perf. Item18 0.794 5.48 <.001 
Proactive Perf. Item21 0.642 4.31 <.001 
Collab. Climate Item02 0.719 — — 
Collab. Climate Item03 0.737 5.52 <.001 
Collab. Climate Item05 0.890 7.74 <.001 
Collab. Climate Item06 0.555 3.99 <.001 
Collab. Climate Item14 0.637 4.51 <.001 

Note. Item13 and Item02 were fixed as reference indicators (unstandardized 

loading = 1.00) to identify the scale of each latent variable; their 

standardized loadings derive from that constraint and have no associated 
standard error or p-value. For the remaining indicators, z values correspond 

to the unstandardized estimates. 

G. Reliability and Convergent Validity 

Composite reliability and convergent validity indicators 

are presented in Table VI. 

TABLE VI 

RELIABILITY AND CONVERGENT VALIDITY OF THE LATENT VARIABLES 

Latent Variable Alpha Omega AVE 
Proactive Performance 0.858 0.858 0.501 
Collaborative Climate 0.830 0.837 0.513 

 

H. Discriminant Validity 

Discriminant validity was assessed using the heterotrait-

monotrait ratio (HTMT), presented in Table VII. 

TABLE VII 

HETEROTRAIT-MONOTRAIT RATIO (HTMT) 

 Proactive Perf. Collab. Climate 
Proactive Perf. 1.000 0.418 
Collab. Climate 0.418 1.000 

 

I. Structural Relationships 

The estimated structural relationship between the latent 

variables is presented in Table VIII. The standardized 

coefficient was positive (β = .379), but it did not reach 

statistical significance at α = .05 (p = .066). 

TABLE VIII 

STRUCTURAL RELATIONSHIP ESTIMATE 

Relationship β SE z p R² 
Proactive Perf. ← 
Collab. Climate 

0.379 0.141 1.84 .066 0.143 

Note. β = standardized coefficient; SE and z correspond to the unstandardized 

estimate, as reported in the SEMLj parameter table. R² corresponds to the 

endogenous variable Proactive Performance. 

IV. DISCUSSION 

This study aimed to analyze the relationship between 

collaborative climate and proactive performance using a 

structural equation model. In the present sample, the 

instrument showed high internal consistency (α = .926), and 

the measurement model showed composite reliability, 

convergent validity, and discriminant validity indicators 

within the ranges recommended in the structural equation 

modeling literature [29], [30]. Because these indicators were 

obtained in a single convenience sample of 63 employees, and 

because the EFA and the SEM were estimated on the same 

cases, they constitute initial psychometric evidence for this 

sample rather than evidence of a validated instrument. 

The two-dimensional factor structure obtained through 

exploratory factor analysis, with factor loadings ranging from 

.552 to .830, is consistent with the conceptual distinction 

between collaborative climate and proactive performance as 

related yet distinguishable constructs. Litwin and Stringer [2] 

conceived organizational climate as a set of measurable 

properties of the work environment that shape employees' 

motivation and behavior, while proactive performance has 

been conceptualized as a self-starting behavior oriented 

toward changing working conditions [7]; the present factor 

structure is consistent with that conceptual boundary. The 

discriminant validity observed between both constructs in this 

sample (HTMT = .418, below the conservative threshold of 

.85 suggested in the literature [29]) further indicates that the 
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two variables do not appear to represent the same phenomenon 

measured redundantly. 

The structural model's fit indices (CFI = .956, TLI = .944, 

RMSEA = .067, SRMR = .078) fall within the ranges 

generally considered acceptable for structural equation models 

and are comparable to the fit levels reported in previous SEM 

studies of organizational constructs [27], [28]. This suggests 

that the two-factor specification offers a reasonable 

representation of the association structure present in these 

data. However, because the retained items were selected 

through an EFA conducted on the same cases, these indices 

may be optimistic owing to capitalization on chance, and the 

structure requires replication in an independent sample. 

Regarding the structural relationship between both 

constructs, the estimated standardized coefficient was positive 

(β = .379), but it did not reach statistical significance at 

α = .05 (p = .066). Consequently, the results do not 

demonstrate a relationship between collaborative climate and 

proactive performance: at the conventional significance level, 

the absence of an association in the population cannot be ruled 

out, and, given the cross-sectional, correlational design, no 

causal or practical effect can be inferred. Descriptively, the 

point estimate falls within the heterogeneous range reported in 

previous studies, which extends from weak associations in 

Ghana [12] to moderate ones in Norway [12] and strong ones 

in Cyprus [12] and in the Latin American banking sector [21], 

in a literature already characterized by considerable variation 

across contexts [22]; given that the coefficient was not 

significant and was estimated with limited precision, this 

comparison is only descriptive. 

Two non-mutually exclusive considerations may help to 

understand why the coefficient did not reach statistical 

significance. The first is statistical: with n = 63, the precision 

of the estimates and the capacity to detect a coefficient of this 

magnitude at the conventional significance level are limited, 

and the wide confidence interval obtained for RMSEA (95% 

CI [.000, .114]) is consistent with that limited precision. The 

probability of detecting a population effect depends chiefly on 

the size of the sample relative to the magnitude of the effect, 

rather than on the complexity of the model as such. 

The second consideration is organizational and remains 

speculative, since it was not tested in this study. In banking 

institutions, collaboration among employees is often shaped 

by formal procedures, compliance requirements, and 

hierarchical reporting lines rather than emerging 

spontaneously from peer interaction; where cooperative 

behavior is largely procedurally mandated, variance in 

perceived collaborative climate across employees of the same 

institution may be compressed, which could attenuate the 

detectable covariation between climate and proactive 

behavior. A single-institution sample restricts the range of 

organizational conditions represented in the data, which works 

in the same direction. Read together with Obeng et al. [16], 

who found that the relationship between organizational 

climate and employee performance was partially mediated by 

organizational commitment, it is possible that climate alone is 

an incomplete explanation: mechanisms such as psychological 

safety [14] or work-related reflection [15], neither of which 

was measured here, have been shown elsewhere to carry 

explanatory weight, and their omission from the present model 

could contribute to the non-significant coefficient obtained. 

With respect to intrapreneurship, proactive performance 

shares conceptual features with the individual-level 

foundations of intrapreneurial behavior [10], [11]. However, 

because the structural coefficient was not statistically 

significant, the present results do not allow conclusions about 

whether fostering a collaborative climate would increase 

proactive or intrapreneurial behavior. This possible link 

should be treated as a hypothesis for future research rather 

than as a basis for organizational recommendations. 

A. Study Limitations 

The present study has several limitations that should be 

considered when interpreting its results. First, the cross-

sectional, correlational design precludes establishing temporal 

precedence or any type of causal relationship between 

collaborative climate and proactive performance; the 

coefficients obtained should be understood exclusively as 

measures of structural association between the constructs at a 

specific point in time. 

Second, the sample consisted of 63 employees from a 

single banking institution, selected through non-probability 

convenience sampling. This characteristic limits the 

generalizability of the findings to other organizations, to the 

Honduran banking sector as a whole, and to other productive 

sectors or geographic contexts, particularly considering that 

the literature has documented appreciable variations in the 

magnitude of the relationship between organizational climate 

and performance depending on the sector analyzed [23], [22]. 

Third, the sample size was determined by the accessible 

population rather than by an a priori power analysis. With 

n = 63, the precision of the estimates and the capacity to detect 

the structural relationship were limited, which may have 

contributed to the main structural coefficient not reaching 

statistical significance. 

Fourth, the EFA used to retain items and the SEM used to 

evaluate the resulting structure were estimated on the same 63 

cases. This procedure entails a risk of capitalization on chance, 

so the loadings and fit indices may be optimistic. The two-

factor structure has not been cross-validated and should be 

replicated in an independent sample. 

Fifth, information was collected through a self-developed, 

self-administered questionnaire, completed anonymously and 

voluntarily via an electronic platform. Although these 

conditions favor response honesty, the presence of social 

desirability or common method variance bias cannot be 

entirely ruled out, given that both latent variables were 

reported by the same source using the same instrument. 

Finally, although the instrument was reviewed by three 

experts before its administration, it was designed specifically 

for this study and has no prior validation history in previous 

research; therefore, its psychometric properties, although 

adequate in the present sample, have not yet been tested in 

other populations or organizational contexts. 
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B. Future Research 

Future research should employ longitudinal designs that 

allow examination of the temporal stability of the relationship 

between collaborative climate and proactive performance [33], 

as well as larger samples drawn from multiple organizations, 

with sample sizes planned in advance for covariance-based 

SEM, to assess whether the association observed here is 

replicated and generalizes across institutions and sectors. The 

two-factor structure should be tested through confirmatory 

factor analysis in independent samples. It would also be 

pertinent to incorporate mediating and moderating variables 

identified in previous studies, such as psychological safety 

[14], collective accountability [18], or work-related reflection 

[15], in order to clarify the mechanisms that may link 

collaborative climate with workplace proactivity. Finally, it is 

suggested that the instrument be evaluated in other 

populations, and that culturally sensitive scales be developed 

for the Central American context [34]. 

V. CONCLUSIONS 

This study set out to analyze, through a structural 

equation model, the relationship between collaborative climate 

and proactive performance among 63 employees of a single 

Honduran banking institution, selected through convenience 

sampling. In this sample, the retained two-factor measurement 

model showed acceptable reliability, convergent validity, 

discriminant validity, and fit indicators. The estimated 

structural coefficient was positive (β = .379) but did not reach 

statistical significance at α = .05 (p = .066); therefore, the 

study does not demonstrate a relationship, a causal effect, or a 

practical effect of collaborative climate on proactive 

performance. 

The contribution of the study is exploratory. It provides 

initial evidence from a Central American banking context, an 

instrument whose two-factor structure can be tested in 

independent samples, and a point estimate that future studies 

may take into account when planning their samples. Because 

the EFA and the SEM were conducted on the same cases and 

the data come from a single institution, the psychometric 

results should not be interpreted as external validation of the 

instrument, nor should the findings be generalized to the 

banking sector. 

Regarding intrapreneurship, the proposition that a 

collaborative climate could favor the self-starting, 

improvement-oriented behavior associated with 

intrapreneurial activity remains a possibility that requires 

further research, preferably with larger and multi-institutional 

samples, confirmatory designs, and longitudinal data, before 

organizational recommendations can be formulated. 
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